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Abstract: This paper presents an overview of sentiment analysis models. It includes three parts: related concepts including the definition
of sentiment analysis and introduction on sentiment polarity and strength; a summary of Word-level Sentiment Analysis Models,
Sentence-level Sentiment Analysis Models, and Document-level Sentiment Analysis Models, which contain unsupervised based models,
supervised based models, semi-supervised based models and their advantages and disadvantages; model applications such as the question
and answer system, the production recommendation system, and the public opinion analysis system, respectively.
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